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1
NON-KINEMATIC BEHAVIORAL MAPPING

CROSS REFERENCE TO RELATED
APPLICATIONS

This application is a DIVISIONAL application of U.S.
patent application Ser. No. 12/791,169 (filed Jun. 1, 2010),
which claims priority under 35 U.S.C. §119(e) from U.S.
Provisional Patent Application No. 61/182,877 (filed Jun. 1,
2009). Both applications are incorporated here by reference
in their entirety for all purposes.

FIELD OF THE INVENTION

The concepts, systems and techniques described herein
relate generally to pedestrian warning systems and more par-
ticularly to a method and apparatus for mapping current and
future predicted object locations to a local area abstraction
(LAA).

BACKGROUND OF THE INVENTION

As is known in the art, object detection systems for vehicle
collision systems are known and used to convey the location
of objects that could potentially collide with a vehicle. One
previously known way to describe the location of an obstacle
is to describe the latitude and longitude of the object. As the
number of objects increases, however, the amount of infor-
mation that must be transmitted to the vehicle also increases.
The increase in the amount of transmitted information results
in a concomitant increase in the amount of time required by
vehicle-mounted systems to process the information. This
results in a delay between the receipt of the object location
information and a collision warning. This delay reduces valu-
able response time for a driver of the vehicle and thus makes
it more difficult for a driver to take evasive action in order to
avoid a collision.

As is also known, for objects moving with rectilinear or
curvilinear motion, given a current position, speed and direc-
tion of an object, a future position of an object can be accu-
rately predicted relatively easily using well-known kinematic
equations of motion.

The motion of some objects, however, is unpredictable.
Human beings, for example, do not typically adhere to the
basic physics of object motion which can be described by
kinematic equations of motion. Rather, human beings in
motion are constantly adjusting their speed and direction
based upon sensory input. This non-kinematic motion is very
difficult (and in some cases, nearly impossible) to express
using simple physics equations. Thus, predicting future posi-
tions for a pedestrian, for example, can be relatively difficult.
In some applications, it is not possible to yield a single posi-
tion with an acceptable degree of confidence.

BRIEF DESCRIPTION OF THE DRAWINGS

The foregoing features of the circuits and techniques
described herein, may be more fully understood from the
following description of the drawings in which:

FIG. 1 is a top view of an intersection occupancy map
(IOM) disposed over an image of a geographic location;

FIGS. 2A, 2B, 2C, and 2D are a series of pedestrian occu-
pancy maps (POMs);

FIG. 3 is a pedestrian location projected onto a local area
abstraction (LAA);

FIG. 4 is a POM overlayed on an LAA;

FIG. 5 is a plurality of probabilities mapped onto an LAA;
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2

FIGS. 6 and 7 is a POM overlayed on an LAA;

FIG. 8 is an enlarged view of a portion of a POM overlayed
on a portion of an LAA;

FIG. 9 is a plurality of probabilities mapped onto an LAA;

FIG. 10 is a block diagram of a pedestrian warning system
operating in accordance with the concepts and techniques
described in conjunction with FIGS. 1-9;

FIG. 11 is an illustration of an object detection system
which includes a pedestrian warning system;

FIGS. 12-12B are a series of figures which illustrate track
gapping;

FIG. 13 is a diagrammatic view of a scenario in which a
pedestrian moves toward a crosswalk;

FIG. 13A is a POM for the scenario of FIG. 13;

FIG. 13B is a diagrammatic view of a pedestrian moving
toward a crosswalk;

FIG. 13C is a POM for the scenario of FIG. 13B; and

FIGS. 14 and 14A are diagrams of a collision determina-
tion pattern vector

SUMMARY OF THE INVENTION

Inview ofthe above, it has been recognized that there exists
a need for an obstacle detection mapping system which can
compactly represent the predicted future location distribution
of one or more obstacles, and then rapidly and compactly
transmit the location distributions to a vehicle for the purpose
of collision detection and avoidance.

It has been found that utilizing a probability distribution
mapping, which indicates where a moving object is likely to
be at some future point in time, provides a technique to
compactly represent the potentially-complex predicted future
location of an obstacle. In one embodiment, a system and
technique utilize a probability distribution mapping which
indicates a location at which a pedestrian is likely to be at
some future point in time. In one embodiment, for each target,
the system can pass an amount of data which is approximately
one-sixth the amount of data needed using conventional tech-
niques. Thus, using the techniques described herein it is pos-
sible to decrease the amount of data transmitted to describe
future target locations by approximately 84%. It should, of
course, be appreciated that a significant benefit (some may
say the principle benefit) of the system and techniques
described herein is the ability to reflect complex probability
distributions very simply. This results in a compact represen-
tation of a location of the pedestrian and is also desirable
technique for providing a reliable, simple, yet useable means
for expressing a pedestrian prediction probability distribu-
tion.

At least several concepts related to solutions for predicting
pedestrian motion at future times are described herein. Firstis
the use of a pedestrian occupancy map (POM) representation
of a pedestrian probability distribution. This pedestrian-cen-
tered data map readily populates any Intersection Occupancy
map (IOM) or other Local Area Abstraction (LAA). The
POM may be used to reflect probability distributions from
purely-kinematic motion, to purely random (as observed)
motion, to any degree of non-strictly-kinematic motion in
between. There is no need to derive an algorithm or equation
to approximate the observed pedestrian behavior, which
could prove difficult or impossible due to pedestrian “free
will” The POM approach readily and accurately reflects
pedestrian behavioral habits or tendencies using an aggregate
statistical result of prior observed pedestrian behaviors. The
surrounding environment of pedestrians is inherently
accounted for when forming such aggregate statistical results.



US 9,092,985 B2

3

Furthermore, the POM-based approach allows for the pos-
sibility of multiple independent future states separated by a
“null space” whereas conventional techniques in the target
tracking field solve for a single predicted state (position) and
variance.

In the time domain, the concepts and techniques described
herein allow for the accurate solution of multiple time-phased
predictions as opposed to the single time-state solutions of
most classical methods (e.g. Kalman filtering). These multi-
time predictions can be chained together so as to eliminate the
problem of “track gapping” experienced with discrete time
solutions for high speed objects.

As used herein, the phrase “track gapping” refers to a
situation which can arise in which a predicted path of an
object (e.g. a pedestrian) crosses a path ofa vehicle (e.g. acar)
at such a time that a system does not provide any indication
that a collision (or potential collision) between the two
objects can or is about to occur. Thus, a “track gap” can be
thought of as a “space” (or “gap”) between where a car, for
example, is computed at time t, and time t,,, , . If a pedestrian
is in the gap, then it is not possible to precisely predict a
collision between the car and the pedestrian.

Using conventional techniques to determine the car speed
and gap length, itis possible to assign an artificial length to the
car so that gaps are eliminated. For example, assuming a car
has an actual length of fifteen feet, if the gap is determined to
be twenty feet given the speed of the vehicle, then by artifi-
cially (e.g. mathematically) expanding the length of the car
from fifteen feet to thirty-five feet, the gap is eliminated.

As mentioned above, however, in accordance with the con-
cepts and techniques of the present disclosure, en accurate
solution of multiple time-phased predictions (as opposed to
the single time-state solutions of conventional techniques
such as Kalman filtering) which can solve the track gap prob-
lem is provided. Such multi-time predictions can be chained
together so as to eliminate the problem of “track gapping”
experienced with discrete time solutions for high speed
objects.

The concepts and techniques described herein also easily
handle discrete-event inputs (“controls”) that cause future
predicted states to be non-continuous, again a case for which
classical filtering methods are not ideally suited.

In addition to the POM concept, also described herein is a
concept of the underlying process/algorithms for computing
the exact overlap area for two convex polygons, in support of
“cell POM” allocation to an LAA.

The methods and processes/algorithms described herein
populate an Intersection Occupancy Map (IOM) or other
local area abstraction (LAA) wherein human behavior or
other non-strictly-kinematic motion is present. The [OM is a
component of a uniquely beneficial interface design method-
ology for collision avoidance and other vehicular safety
applications.

The methodology and process for non-kinematic/behav-
ioral mapping to a local Area abstraction, sometimes referred
to as the Pedestrian Prediction Logic (PPL), is a comprehen-
sive methodology for populating an intersection occupancy
map (IOM) or other local area abstraction (LAA) wherein
human behavior or other non-strictly-kinematic motion is
present. Possible applications include collision avoidance
and other vehicular safety applications. This disclosure
includes the solution methods of related geometry problems
for which exact solutions have not previously been identified.

In accordance with a further aspect of the disclosure made
herein, a computation-less collision detection methodology
and system are described. Such a technique and system may
be utilized in an object warning system such as a pedestrian
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warning system. In the computation-less collision detection
technique, a collision determination pattern vector (CDPV) is
provided in conjunction with a local area abstraction (LAA)
of which a pedestrian intersection occupancy map (IOM) is
one example.

For each greater-than-zero probability in IOM cells (de-
noted “1”), the value of the CDPV cell (denoted CDPV(i*)) is
set equal to one (1) and all other CPDV (i*) cell values are set
equal to zero. Next, a search or “hash” of CDPV for collisions
of interest is performed (e.g. pedestrian-vehicle collision,
vehicle-vehicle collisions or other collisions of interest).

It has thus been recognized that CPDV provides the ability
to detect collisions within intersection occupancy map (I0M)
data without performing any collision-specific calculations.
This unique computation-less collision detection makes use
of the CDPV data structure. As the IOM is populated with
future projected object locations, a bit is set in the CDPV
based upon each object’s classification type grouping. In one
embodiment, two bits are used for each grouping and the
CDPV reflects if zero, one or more objects of any grouping is
predicted in an IOM cell at a future time (with any non-zero
probability).

A rapid search (e.g. a “hash”) of the CDPV identifies the
cell(s) containing configured collisions of interest (bit pat-
terns) which are then further checked for collision alert
thresholds. By design, certain types of collisions will be rep-
resented by certain bit patterns. For example, a pedestrian-
vehicle collision is represented by a specific CDPV bit pat-
tern. A simple configuration change, however, allows the
system to also check for vehicle-vehicle collisions, or any
other types of collisions.

Thus, while data is being transferred from a POM (or
OOM) into an LAA, it is possible to also set CDPV bit
patterns to perform computationless collision detection.

DETAILED DESCRIPTION OF THE PREFERRED
EMBODIMENTS

Described herein is a system and methodology/processes
for non-kinematic/behavioral mapping to a local area abstrac-
tion (LAA) including a methodology for populating an LAA
wherein human behavior or behavior of other objects having
other non-strictly-kinematic motion may be present. Before
describing such a system and related processes, some intro-
ductory concepts and terminology are explained.

Reference is sometimes made herein to the use of systems
and techniques in vehicular safety applications. One such
vehicular safety application is referred to as a pedestrian
warning system (PWS) which includes a pedestrian predic-
tion logic (PPL) system which is an embodiment of a non-
kinematic behavioral mapping system and related techniques
used to predict pedestrian locations.

It should, of course, be appreciated that a PWS is but one
specific example of a more general object warning system
(OWS) and that the general concepts and techniques
described herein are not limited to use within a PWS.

As used herein the phrase “local area abstraction” or
“LAA” refers to a non-location-specific reference frame onto
which positions of people and other objects can be projected
or “mapped.” This mapping can be for a present time (repre-
sented as “t,”) or some future or predicted time (represented
as “1,,”). In an effort to promote clarity in the description of the
concepts, systems and techniques described herein, reference
is sometimes made herein to an LAA represented as a grid
having a rectangular shape with a particular number of rows
and columns (e.g. fifty rows and fifty columns). It should be
appreciated that many different types of LAAs are possible,
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each of which may have different shapes and sizes including
but not limited to circular shapes, triangular shapes, or regular
or irregular shapes.

One particular type of LAA used in a pedestrian warning
system (and in particular in a technique to predict pedestrian
movement) is referred to as an “intersection occupancy map
grid” or IOM grid. In one embodiment, an IOM grid is pro-
jected onto or over an image of a geographic location—
typically an image (e.g. a Google Earth® image) where
pedestrians are expected to be found moving amongst other
objects such as vehicles (e.g. cars, trucks, and other motorized
or non-motorized vehicles). It should, of course, be appreci-
ated that an image is not required for the system to work (i.e.
the techniques described herein do not require the image, per
se). Rather, an image facilitates user visualization. Thus, an
LAA overlays a geographic location and may be projected
over an image of the geographic location for user visualiza-
tion purposes. Also, again in an effort to promote clarity in the
text and drawings in explaining the concepts, systems and
techniques described herein, reference is sometimes made
herein to an IOM grid having a rectangular shape with a
particular number of rows and columns (e.g. ten rows and
thirteen columns). It should, of course, be appreciated that
IOM grids having different numbers of rows and columns
may also be used. Furthermore, IOM grids having shapes
other than rectangular may also be used. The particular shape
and size of an IOM grid to be used in any particular applica-
tion is selected in accordance with the needs and require-
ments of that particular application. Those of ordinary skill in
the art will appreciate how to select the particular size and
shape of an IOM grid for a particular application.

Reference is also made herein to a so called “pedestrian
occupancy map grid” or “POM grid” or more simply a
“POM.” As will become apparent from the description herein
below, a POM provides a representation of a pedestrian prob-
ability distribution. A POM grid is a pedestrian-centered data
map which populates an IOM grid (or other LAA). The POM
grid may be used to reflect probability distributions ranging
from purely-kinematic motion, to purely random (as
observed) motion, to any degree of non-strictly-kinematic
motion in between. The POM may be thought of as a mini-
map of the future positional probability distribution for an
individual pedestrian or other non-strictly-Kinematic actor.
Again, in an effort to promote clarity in the text and drawings
in explaining the concepts, systems and techniques described
herein, reference is sometimes made herein to a POM grid
having a rectangular shape with a particular number of rows
and columns (e.g. five rows and five columns). It should, of
course, be appreciated that POM grids having different num-
bers of rows and columns may also be used. Furthermore,
POM grids having shapes other than rectangular may also be
used. The particular shape and size of a POM grid to be used
in any particular application is selected in accordance with the
needs and requirements of that particular application. In gen-
eral, the size (height, width, area) of POM cells and the size of
the POM grid (number of rows and columns) are selected to
provide meaningful information. If the POM cells are
selected to be too large, then little or no meaningful informa-
tion can be gained. For example, if the POM cell has a square
shape with each side equal to ten meters, then it would take a
walking pedestrian a number of steps to move from one POM
cell to another. Thus, in this example, no meaningful location
data would be collected for many pedestrian steps, which
would result in the POM cell processing techniques described
herein being less effective than they could be. On the other
hand, the overall POM grid size is preferably limited to reflect
physically achievable states.
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In general practice, IOM cells may be selected to be in the
range of about 1-10 times the POM cell size. Thus, ifa POM
cell size is one-half meter, then the IOM cell size is preferably
between one-half meter and five meters. In one embodiment,
the POM cell size is typically selected to be no greater than
one-half the size of an IOM cell. Thus, if the IOM cell has a
square shape and each side is one meter, then the POM cell
would also preferably be selected having a square shape with
each side being no greater than one-half meter. It should be
appreciated, however, that it is not necessary that the POM
grid shape match the IOM grid shape. It should also be appre-
ciated that the overall POM grid size is preferably limited to
physically achievable states (i.e. the POM grid should not be
defined to contain numerous extraneous cells that would
always have a zero probability of occupancy.

Itshould, however, be understood that IOM grids and POM
grids are not limited to any particular type, size or shape (e.g.
the grids as wells as the cells which make up the grids need not
have a square or a rectangular shape).

It should also be appreciated that a POM is but one specific
example of amore general object occupancy map (OOM) and
that the general concepts and techniques described herein are
not limited to use with a POM.

Accordingly, those of ordinary skill in the art will appre-
ciate that the description and processing taking place on
pedestrians could equally be taking place on other objects and
that portions (either partial or entire portions) of images, grids
and cells may be provided having square, rectangular, trian-
gular, polygonal, circular, or elliptical shape of any size.
Likewise, the particular field in which the processing systems
and techniques described herein may be used includes, but is
not limited to, the general area of safety applications, includ-
ing computerized safety applications and in particular to
vehicle safety applications and even more particularly to
pedestrian warning and/or pedestrian safety applications.

Referring now to FIG. 1, an image 12 has an intersection
occupancy map (IOM) grid 10 disposed thereover. In the
exemplary embodiment of FIG. 1, image 12 corresponds to a
portion of a geographic location or region, here correspond-
ing to a portion of a city covering one or more city blocks. It
should be appreciated that IOM grid 10 is positioned and
configured relative to a geographic region specific roadway
(i.e. a specific longitude and latitude). As mentioned above
the image is desired for visual clarity but not required for the
utility of the PWS or any other application. The systems
would work equally as well if the IOM grid was not specifi-
cally aligned with an image of the primary roadway of inter-
est. Thus, while image 12 represents one or more city blocks,
in the exemplary embodiment of FIG. 1, IOM grid 10 is
disposed over image 12 with respect to a specific roadway
such that IOM grid 10 has a desired orientation with respect to
the specific roadway.

It should also be appreciated that, in an effort to promote
clarity in explaining the concepts described herein, reference
is sometimes made herein to an image 12 or an IOM grid 10
having a particular size or shape or to an IOM grid having a
particular grid resolution (i.e. the number of grid elements per
unit of distance). It should, however, be appreciated that
image 12 and/or IOM grid 10 may be provided having any
size or shape or any level of grid resolution. The particular
size, shape and/or grid resolution to be used for the image or
IOM in any particular application will be selected in accor-
dance with the needs of the particular application.

Referring now to FIG. 2A a “pedestrian occupancy map”
(POM) 14 is utilized to populate an LAA given data param-
eters (both pedestrian and non-pedestrian data parameters)
including, but not limited to pedestrian (or other object) posi-
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tion, speed, direction, signal phase and timing of traffic lights,
presence and proximity of vehicle (e.g. cars in a road inter-
section), time of day, temperature and other weather related
factors (e.g. including but not limited to possibility or exist-
ence of precipitation, wind and rain).

As shown in FIG. 2A, a current pedestrian position 15 is
identified on POM 14. Stated differently, the position 15 of a
pedestrian at a time t=t, is identified on the POM 14. The
POM can be thought of as a “mini grid” (or sometimes
referred to as a “mini-LAA”) here having the current pedes-
trian (or object) position 15 as its origin (or reference loca-
tion) as shown in FIG. 2A.

The POM is overlaid onto the IOM ata pedestrian’s current
position and, in preferred embodiments, the pedestrian loca-
tion (e.g. a latitude and a longitude) defines the origin of the
POM. The particular size, shape and/or grid resolution to be
used for the POM in any particular application will be
selected in accordance with the needs of the particular appli-
cation. A POM is sometimes referred to herein as a current-
time POM if it shows the current position of a pedestrian. For
example, POM 14 shows the current position of pedestrian 15
at time t=0 and thus POM 14 may be referred to as a current-
time POM 14.

It should be appreciated that a system may concurrently
utilize a plurality of POMs and that each POM may be dif-
ferent and dependent upon any number of parameters related
to the pedestrian or object being modeled, including but not
limited to positional location, speed, direction, size, etc. Each
POM may further be different and dependent upon any num-
ber of parameters not related to the pedestrian or object being
modeled, including but not limited to signal phase and timing
of'traffic lights, presence and proximity of vehicle (e.g. cars in
a road intersection), time of day, temperature and other
weather related factors, etc. It should also be appreciated that
a collection of POMs may be constructed and available for
use with the methods described herein, with an individually
selected-POM identified by performing a “look-up” or other
procedure to determine the best/correct POM representation
for a specific pedestrian or actor under specific conditions.

As will be described in detail below, for each POM chosen
to model the current or future probable location(s) of a subject
pedestrian or actor, the probability distribution of the indi-
vidual POM is “overlaid onto” and added to the existing
LAA, such as an IOM. As will be described in detail below,
for the practical implementations, two distinct classes of
POM have been identified.

Referring now to FIG. 2B, a current-time POM 20 is shown
for an LAA defined to contain probabilities of occupancy.
Thus, the current-time POM is represented in FIG. 2B as a
grid or array of numbers with each number corresponding to
a probability as to the location of the pedestrian.

Since POM 20 in FIG. 2B represents a current time (1),
there is a 100% chance (or 100% probability) that the pedes-
trian “is where he is” at the current time (t,), and 0% chance
that he is anywhere else. Thus, in POM 20 of FIG. 2B, the cell
located at the intersection of row 2 and column c¢ (herein
denoted “cell 2C” and corresponding to the cell in which the
pedestrian is located, contains a value of 1.0. This indicates
that there is a 100% chance that the pedestrian is located in
cell 2C at time t,. The remaining cells each contain a value of
0.0 indicating that there is a 0% chance that the pedestrian is
in those cells at time t,,.

Because there exists at least some uncertainty as to the
pedestrian location at some future time (t,,), the probabilities
in any future POM (i.e. a POM predicting pedestrian location
at a future point in time) assume some distribution over the
POM cells which totals one hundred percent (100%).
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Thus, referring now to FIG. 2C, a future POM 22 (i.e. a
POM for where the pedestrian 15 (FIG. 2A) will be at some
future time (t,,)) contains a plurality of probability values. The
distribution of values over the POM cells totals one hundred
percent (100%). It should be noted that in this exemplary
embodiment, the pedestrian/object is in motion and thus the
POM is also direction-specific as indicated by an arrow
labeled with reference numeral 24. The direction is derived
from successive position observations over time. Most sim-
ply, it is the direction from the last observed position to the
current t, position, but it may be filtered or smoothed for
continuity. Other techniques may, of course, also be used to
derive a direction.

In accordance with the concepts described herein, the sys-
tem/techniques described herein identify two (2) distinct
classes of POM. One class of POM is referred to as a so-called
“cell POM” or “CPOM?” (as shown in FIG. 2C), and another
class of POM is referred to as a so-called “pin POM” or
“PPOM” (as shown in FIG. 2D).

Briefly, a PPOM is formed by assuming that the probabili-
ties contained in the POM occur at some finite number of
distinct, infinitesimally small points (“pins”) and denoted 25
in FIG. 2D. Each pin 25 is defined to be a specific distance and
relative bearing from the POM’s reference position (or “ori-
gin”) and reference heading. Although not required, pins 25
are shown as being located in the center of each cell. This
serves as a simplifying assumption for the simpler pin-POM
method as opposed to the more complex cell-POM method.

A CPOM is formed by assuming that the probabilities
contained in the POM occur within some finite number of
distinct, rectangular or other convex polygon calls/areas, each
defined to be a specific size, orientation, distance and bearing
from the POM’s reference position and reference heading.

Different techniques are used to assign probabilities to an
LAA depending upon whether a pin POM or a cell POM is
used. One technique for assigning probabilities to an LAA
using a pin POM is described below in conjunction with
FIGS. 4 and 5 and one technique for assigning probabilities to
an LAA using a cell POM is described below in conjunction
with FIGS. 6-9. The IOM cell to POM cell size is one factor
to consider in deciding whether to use a PPOM or a CPOM
technique at any particular time or in any particular applica-
tion and false alarm rate is a factor to consider in selecting
IOM cell size. In general, it is desirable to map a POM
proportionally into the LAA and examples are described
herein. It should be appreciated that in practical systems,
typically the PPOM/CPOM choice may drive the IOM/POM
cell size selections rather than the other way around. The
CPOM is more accurate, but the PPOM is simpler and more
computationally efficient.

Referring now to FIG. 3, an LAA 28 having a pedestrian
location and direction marked thereon (as indicated, respec-
tively, by the dot designated by reference numeral 30 and the
arrow as indicated by reference numeral 32) is used in deter-
mining the probability of the pedestrian location at a future
point in time. Given pedestrian or object position 30 and
direction 32 within LAA 28, the techniques described herein
can be used for mapping data from either type of POM (i.e.
either a cell POM or a pin POM) onto the LAA.

Referring now to FIG. 4, mapping pin POM 26 (FIG. 2D)
onto pedestrian location 30 (FIG. 3) yields the overlay pic-
tured in FIG. 4. The POM probability at each “pin” location
(as indicated by the dot 25 in the center of each cell) is added
to the underlying LAA cell probability of being occupied
(that is, each LAA cell probability is the sum of all the pin
probabilities overlaying that LAA cell—we do show the sums
in FIG. 5). For a given time t,, all LAA probabilities are
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initialized to zero (0) and then all observed pedestrians/ob-
jects are processed, with multiple pedestrians/objects poten-
tially contributing to any LAA cell probability at a future time
(i.e. there’s a probability that two people may end up in the
same place). The simplicity of the pin POM approach is that
each probability in the POM maps entirely and exactly into
one LAA cell. Thus, using this technique (i.e. mapping the
probability in each POM cell entirely and exactly into one
LAA cell), the resulting [LAA probability distribution for the
example pedestrian illustrated in FIG. 2A is shown in FIG. 5.

Thus, in the case where a single “pin” (i.e. the center of one
cell in POM 26) falls within a single cell of LAA 28 (FIG. 5),
the probability of the POM cell is assigned to the LAA cell.
For example, as can be seen in FIG. 4, the center of POM cell
1D falls within cell 51 of LAA 28. Thus, with reference now
to FIG. 5, LAA cell 51 has a value of 0.02 which equals the
value of POM cell 1D (this assumes that the initial probability
of LAA cell SI being occupied was zero).

It should, however, be noted that in the case where two
“pins” (i.e. the centers of two cells in POM 26) fall within the
same LAA cell, the probabilities are added and the sum is
value associated with the LAA cell. For example, as can be
seen in FIG. 4, the centers of cells 1E and 2E in POM 26 both
fall within cell 5J of LAA 28. Thus, with reference now to
FIG. 5, LAA cell 5] has a value of 0.04 which is determined
by adding the values of cells 1E and 2E from POM 26 and
assigning the sum to cell 5] of LAA 28 (as above, this
assumes that the initial probability of LAA cell 5] being
occupied was zero).

Referring now to FIG. 6, mapping cell POM 22 (aka
CPOM 22) onto the pedestrian location 30 (FIG. 3) yields the
overlay pictured in FIG. 6. Because the probability for each
cellin the POM belongs to the entire cell area (not just a single
“pin” point), the probability for any given cell in POM 22 may
mayp into multiple cells of LAA 28, depending upon the areas
of overlap.

Referring now to FIG. 7, consider the CPOM cell 4C
containing the probability value 0of 0.11. POM cell 4C extends
over portions of LAA cells 71, 7] and 8. Thus, the probability
value of POM cell 4C must be distributed over three LAA
cells (i.e. cells 71, 7] and 81).

Referring now to FIG. 8, cell 4C from CPOM 22 is shown
disposed over cells 71, 7J and 8] of LAA 28. To accommodate
the overlap, the 0.11 probability value assigned to POM cell
4C is proportionally distributed to LAA cells 71, 7] and 8J.
The portion of the 0.11 probability distributed to the LAA cell
71 is equal to the ratio of the overlap area of the POM cell onto
the LAA cell (represented by region outlined by dashed line
39 in FIG. 8) divided by the entire area of CPOM cell 4C. For
a cell having a rectangular or square shape, the area of each
cell, whether it be a POM cell or an LAA cell, is simply the
product of the cell height and cell width. In practical systems,
LAA cells having a square shape with height and width equal
to 1 m (so LAA cell area equal to 1 meter square) have been
used and POM cells having a square shape with height and
width equal to 0.5 m (so POM cell area equal to 0.25 square
meters). The overlap areas are determined by the process
described below. The cells may, of course, be measured in any
units. Similar computations are made for LAA cells 7] and 8J.

A resulting distribution of the probability of POM cell 4C
to LAA cells 71, 71, 8] is illustrated in FIG. 9.

One technique for determining the area of the “overlap
polygon™ (e.g. the region represented by dashed line 39 in
FIG. 8) is described below.

As discussed above, the probability assigned to each cell/
area of the CPOM is distributed proportionately to the LAA
cell(s)/area(s) it overlaps. For the simple/preferred case in
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10
which both the POM cells/areas and the LAA cells/areas are
convex polygons, the area of overlap between any two convex
polygons defines a convex polygon.

The below steps are repeated for each POM convex poly-
gon cell/area.

Each of the n points defining the subject POM convex
polygon and m points defining the subject LAA convex poly-
gon are added to a list of points, L.

For each ofn sides of the POM convex polygon and m sides
of the LAA convex polygon, simple algebra is applied to
compute the intersection of the POM and LAA (if any). Ifthe
two sides intersect, the point of intersection is added to the list
of points, L.

For each point in the list of points L, checks are performed
to determine if the point is on-or-within the POM cell area
and/or on-or-within the LAA cell/area, using widely accepted
algorithms. If the point is not on-or-within BOTH the POM
and LAA cells/areas, it is removed from the list of points, L.
At the conclusion of this operation, the list of points L, con-
tains only points that are on the perimeter of the area of
overlap between the POM and LLAA; the points being in no
particular order.

Ifthe number of points in list L is 0, 1, or 2, then the area of
overlap=0.

If the number of points in list L is greater than 2 then the
algorithm processing continues with the following steps to
place the points in list L into a “clockwise order”.

The first 2 points from list L are copied into clockwise list,
C, in positions #1 and #2.

For each of the p remaining points in list L, the point is
“inserted” into successive trial slots in list C (before, between
and following the other points in list C) and the resulting list
is checked to see if it is counterclockwise at any point, using
widely accepted algorithms. If the resulting list is found not to
be counterclockwise at any point, then the test point has been
properly inserted into list C and the next point in list L is
processed. If the resulting list is found to be counterclockwise
at any point then the test point has not been properly inserted
into list C and the next candidate slot is tried for the test point.
A correct insertion into list C will be found for every point in
list L.

The previous step is repeated until all points in list [ have
been inserted into list C. The resulting final list C is a list of
points defining the area of overlap between the convex POM
polygon and convex LAA polygon, sorted in clockwise order.

Using widely accepted algorithms, the area of overlap
defined by the clockwise list of points C and the area of the
subject convex POM cell are calculated.

The probability of the convex LAA cell/area is increased
by the probability of the subject convex POM cell/area times
the ratio of the overlap area defined by list C divided by the
area of the subject convex POM polygon.

Referring now to FIG. 10 a pedestrian warning system 50
receives information from one or more information sources
56 such as an image capture system (e.g. a camera system
which may include for example a digital camera or a camera
connected to a frame grabber, a video system which, may
include a video camera for example, and any other means
known to those of ordinary skill in the art for capturing or
otherwise obtaining images and transmitting or otherwise
making image data available to a pedestrian warning system).
For example, information source 56 may include a network
connection which allows the system to receive image data
from a global information network (e.g., an internet) or on
intranet or any other type of local or global network. Thus
system 50 can receive real time or “live” camera images
instead of retrieving images from a database or other storage
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device. Alternatively still images or other information may be
fed to system 50 via other means well known to those of
ordinary skill in the art.

Pedestrian warning system 50 includes a pedestrian detec-
tion subsystem system 57. Regardless of how information is
provided to system 50, pedestrian detection subsystem 57
receives at least some of the information and provides infor-
mation to a pedestrian logic processor 55. Pedestrian logic
processor 58 determines locations and possible future loca-
tions of one or more pedestrians within a region of interest.
Pedestrian logic processor 58 determines such information in
accordance with concepts and techniques described herein
and provides the information to an intersection occupancy
map interface 80. Desired information and/or signals and/or,
warnings or the like are then provided and in some cases the
information and/or signals and/or, warnings are provided to
both pedestrians and/or to one or more vehicles 61 in prox-
imity with the pedestrians.

In one embodiment, a series of POMs/IOMs correspond-
ing to different time intervals (e.g. two seconds, four seconds,
six seconds, eight seconds—so four maps) are generated.
Thus, if a map at t+8 (i.e., a map at 8 seconds into the future)
is examined, it will reveal the probability of where pedestri-
ans will be in eight seconds.

It should be appreciated that it is possible to have a vast
library of POMs (i.e. pre-stored POMs having probability
values already stored therein with the probability values
being computed for specific factors) or it is possible to com-
pute the POM probability values in real time.

Referring now to FIG. 11, an object detection system 114
includes a pedestrian warning system which may be the same
as or similar to pedestrian warning system 50 described above
in conjunction with FIG. 10 as well as a plurality of sensors
118 configured to provide coverage of a predetermined area.
The sensors 118 are also configured to detect movement of
objects within the predetermined area. For example, the
object detection system 114 may include a plurality of cam-
eras 118a, a global positioning system 1184, and other sen-
sors such as radar 118¢ and sonar. Each sensor 118 is in
communication with the object detection system 114.

The object detection system 114 includes a processing unit
120 (e.g. a computer processing unit), a path predicting cir-
cuit 122 and a pedestrian warning system 123. Sensors may
detect both stationary objects and moving objects as well as
objects such as pedestrian 131 which may be stationary at one
instant in time and moving at a later point in time. If a
pedestrian’s position, speed and direction are known, then as
described above a probability of a future position of pedes-
trian 131 may be determined by a pedestrian logic processor
(e.g. such as pedestrian logic processor 58 described above in
conjunction with FIG. 10). In one embodiment, the pedestrian
logic processor utilizes the factors/information provided
thereto to access a storage device or system (e.g. a database)
and look up a probability of the pedestrian’s next position
using the current factors/information. Processing unit 120 is
operable to collect and process sensor information. For
instance, processing unit 120 may filter corrupt or abnormal
sensor information and prevent such information from being
transmitted to the collision processing circuit 116.

Path predicting circuit 122 processes information gathered
by the sensors 118 so as to predict the path of the detected
objects within the predetermined area. Object detection sys-
tem 114 may further include a plotting circuit 124. Plotting
circuit 124 plots the predicted location of the detected objects.
The object detection system 114 may be housed locally
within the predetermined area or may be remote.
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Processing unit 120 may also be housed locally within the
object detection system 114 so as to receive the information
from sensors 118 on site. The information from the sensors
118 may be processed using the path predicting circuit 122
and may be further plotted onto a map using the plotting
circuit 124. Alternatively, the object detection system 14 may
be remote from the predetermined area. As described above,
the camera 118a and other sensors 118 may be used to pro-
vide coverage for a predetermined area and to detect objects
in the area. These sensors 118 are in communication with the
remotely located object detection system 114. The object
detection system 114 processes the sensor information and
transmits the processed information to the collision process-
ing circuit 116 for processing.

The data transferring system 110 includes at least one cycle
of data 126. Each cycle of data 126 may include a transmis-
sion of static information 128 relating to the environment of a
predetermined area, and subsequent transmissions of
dynamic information 130 relating to the movement of
detected objects such as pedestrians 131 within the predeter-
mined area. In one embodiment, the transmission of static
information includes a map definition 128, and the subse-
quent transmissions include a series of overlays 130.

The map definition 128 includes static information relating
to the predetermined area of the object detection system 114,
and a grid system 132 plotted onto the predetermined area.
The grid system 132 is defined by a plurality of grid cells 134.
The map definition 128 is directed towards providing com-
prehensive environmental information concerning the prede-
termined area that does not change frequently. For example,
the map definition 128 may include information relating to
the location and orientation of the infrastructure located
within the predetermined area; the types of traffic signs and
signals such as crosswalk signs, yield signs, and the like;
building height, elevation, orientation as well as other envi-
ronmental data. The object detection system 114 may gener-
ate amap definition 128 using collected sensor information or
a map definition 128 may be provided to the object detection
system 114.

The data transferring system 110 further includes a series
of'overlays 130. Each of the series of overlays 130 includes a
grid system 132. Preferably, the grid system 132 is identical to
the grid system 132 provided on the map definition 128 so as
to reduce processing time associated with correlating the two
grid systems 132. The grid system 132 is plotted over the
predetermined area covered by the object detection system
114. The overlays 130 include dynamic information relating
to detected objects within the predetermined range. Specifi-
cally, the plotting circuit 124 plots the predicted location of
each of the detected objects onto the grid system 132 of each
of the series of overlays 130.

The map definition 128 and the overlays 130 may include
other information to provide static information relating to the
environment of the predetermined area and dynamic infor-
mation relating to the state of a detected object in a future. For
instance the signal phase and timing of traffic lights (SPAT)
may be sent to the object detection system 114 and utilized in
generating both the map definition 128 and the series of
overlays 130. SPAT information may be used to provide the
map definition 128 with information relating to the operation
of traffic signals within the predetermined area. SPAT infor-
mation may also be used to predict the location of detected
objects in the predetermined area. Specifically, SPAT infor-
mation such as the timing of traffic lights may be used in a
mathematical model to help predict the location of the
detected objects.
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The path predicting circuit 122 predicts the path of the
detected objects which may include the path of the system
vehicle 138. Any method of path prediction currently known
and used in the art may be adaptable for use in the path
predicting circuit 122. For instance, the path predicting cir-
cuit 122 may generate a path prediction by plotting the veloc-
ity and location of the detected object so as to create a kine-
matic vector of each detected object, including the system
vehicle 138. In yet another example, the path predicting cir-
cuit 122 uses a statistical method or logical model for pre-
dicting the location of detected objects at a given time.

The data transferring system 110 transmits a cycle of data
126 to the collision processing circuit 116. The cycle of data
126 includes a first transmission of the map definition 128,
and subsequent transmissions of the overlays 130. The map
definition 128 is transmitted at an initial time T,. The initial
time of transmission may be when the system vehicle 138
enters into the predetermined area of the object detection
system 114. In addition, other factors may trigger the initial
time of transmission. For instance, the object detection sys-
tem 114 may be programmed to preclude transmitting cycles
of data 126 when there are no objects in the predetermined
area other than the system vehicle 138. However, the object
detection system 114 may transmit the map definition 128 at
an initial time should the object detection system 114 detect
another obstacle entering into the predetermined area.

Each overlay in the cycle of data 126 is plotted so as to
identify the predicted location of a detected object at T ,,,,
where “0” is the time at which the map definition 128 is
transmitted, “i” is the interval by which path prediction is
generated, and “n” is the number of overlays 130 generated in
acycle of data 126. For example, assume the data transferring
system 110 is configured to provide path prediction at 0.2
second intervals after the initial time, and generates four
overlays 130 in a cycle of data 126. The first overlay is plotted
with the predicted location of detected objects at 0.2 seconds
after the map definition 128 has been transmitted. The second
overlay is plotted with the predicted location of detected
objects at 0.4 seconds after the map definition 128 has been
transmitted, and so on until four overlays 130 have been
generated. The overlays 130 may be transmitted separately or
bundled together with the map definition 128.

The configurable interval in which each of the series of
overlays 130 is transmitted may be influenced by factors such
as the speed at which the system vehicle 138 is operating, the
number of detected objects within the predetermined area,
and the like. For example, if the system vehicle 138 and the
detected objects are traveling at a speed of less than twenty
miles per hour, the interval by which the overlays 130 are
generated may be greater than if the system vehicle 138 and
detected object are traveling at a speed greater than twenty
miles per hour.

In another example, the interval at which the overlays 130
are generated may be shortened even further if there are more
than three detected objects within the predetermined area and
at least one of those detected objects is within a predeter-
mined distance to the system vehicle 138. Another factor that
could affect the interval in which the overlays 130 are gener-
ated is the geographic size of the predetermined area of cov-
erage. Thus, if the predetermined area of coverage is five
hundred square feet, the overlays 130 may be generated at an
interval of 0.2 seconds whereas if the predetermined area of
coverage is one thousand square feet, the interval at which
each of the overlays 130 is generated is 0.3 seconds. Like-
wise, the number of overlays 130 generated is also influenced
by environmental factors. For instance, the number of over-
lays 130 desired may be influenced by the speed of the system
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vehicle 138 and the detected objects as well as the geographic
size of the predetermined area of coverage.

This flexibility allows the data transferring system 110 to
be tunable, meaning the data transferring system 110 can
generate overlays 130 based upon the needs of the system
vehicle 138. The needs of the system vehicle 138 may be
influenced by factors such as the size of the predetermined
area, the speed of the objects detected within the predeter-
mined area, and the speed at which the system vehicle 138 is
traveling. For instance, where the speed limit of the geo-
graphic location is thirty five miles per hour and the road is a
two-lane road, it may be desirable to predict collisions for
periods which occur three seconds after the system vehicle
138 has entered into the predetermined area. Thus, the fre-
quency at which the overlays 130 are generated may be lesser
than if the geographic area speed limit was fifty miles per
hour. Likewise, the number of overlays 130 generated might
be less in an area where the speed limit is thirty-five miles per
hour as opposed to an area where the speed limit is fifty miles
per hour.

It should be appreciated that in some embodiments, it may
be preferable for fielded systems to be specifically configured
for a given installation. In such cases, the system is provided
with fixed intervals (vs. configurable or dynamically selected
intervals) and fixed data rates (vs. variable data rates). How-
ever, some self-configuring may be done (e.g. adjustments/
balancing of video and thermal sensor inputs).

After the cycle of data 126 is generated, the data transfer-
ring system 110 may then transmit the cycle of data 126 to a
collision processing circuit 116. The data transferring system
110 may generate and transmit multiple cycles of data 126 to
the collision processing circuit 116. The number of cycles of
data 126 generated may be influenced by such factors as the
presence of the system vehicle 138 within the predetermined
area of coverage, thus ensuring that the system vehicle 138 is
provided with a collision warning while in the predetermined
area. After a collision processing circuit 16 has received the
first cycle of data 126 from the object detection system 114,
subsequent cycles of data 126 may be limited to just a trans-
mission of overlays 130 so as to further reduce the size of data
transfer. This is preferable since the map definition 128 of a
predetermined area may not change significantly while the
system vehicle is within the predetermined area. Accordingly,
a subsequent cycle of data 126 may include a map definition
128 when the environmental information relating to the pre-
determined area of coverage of the object detection system
114 has changed.

It should be appreciated that when a vehicle enters into
range of a PWS, a PWS map is needed. Thus, the system
periodically broadcasts a map definition (e.g. every one sec-
ond), while the IOM set is typically sent at a higher frequency
(e.g. 5 times per second). The map definition also includes a
version number. Use of a version number allows a receiver to
not process the available data if they already have the defini-
tion.

The collision processing circuit 116 may be housed within
the object detection system 114, the system vehicle 138, or
offsite. The collision processing circuit 116 processes the
cycle of data 126 to determine a probability of a collision. The
collision processing circuit 116 is in communication with a
warning system 136, and actuates the warning system 136 if
the collision processing circuit 116 determines that the prob-
ability of collision exceeds a predetermined threshold value.
It should be understood that multiple types of collisions of
interest can be configured for detection by the system (e.g.
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pedestrian-vehicle or vehicle-vehicle) and thus it is possible
to have different threshold values for different types of colli-
sions.

The warning system 136 may be housed in the system
vehicle 138 or the object detection system 114. Any warning
system 138 currently known and used in the art is adaptable
for use herein, illustratively including a digital display
mounted on the dashboard of a system vehicle 138, a light
mounted to a post located in the predetermined area operable
to flash when a potential collision exists, or a device such as
a speaker operable to send an audible warning to people
within the predetermined area.

Referring now to FIGS. 12-12B in which like elements are
provided having like reference designations throughout the
several views, a vehicle which is five (5) meters long 150 is
travelling in a direction indicated by reference numeral 152 at
a speed of four and one-half (4.5) meters/sec. It should be
appreciated that FIG. 12A represents a point in time which is
two (2) seconds later than the time represented in FIG. 12 and
that FIG. 12B represents a point in time which is two (2)
seconds later than the time represented in FIG. 12A. In each
of FIGS. 12-12B, time t, represents the present time for that
particular figure.

In FIG. 12, the vehicle 150 is shown at a present position in
time designated as t,,. FIG. 12 also shows vehicle 150 at three
future points in time at two second intervals (with the future
times denoted as t,,, t,4, t,¢). Since discrete time computa-
tions are used to compute the vehicle locations, a space or gap
154 exists between each of the time intervals t,-t,. Given the
speed of travel and length of vehicle 150, the gap 154 which
exists between each interval can be determined. Thus, in this
particular example (i.e. a vehicle 150 which is five (5) meters
long travelling at a speed of four and one-half (4.5) meters/
sec), the gap 154 which exists between each two second
interval is four (4) meters in length. Also, at this particular
speed, the gaps 154 align. This gap alignment phenomenon is
sometimes referred to as “track gapping.” Thus, a “track gap”
(or more simply a “gap”) can be thought of as a space between
where a vehicle location, for example, is computed at a
present time (e.g. time t,) and at some future point in time
(e.g. at a time two seconds in the future denoted as time t, , ).
Ifa pedestrian’s predicted future path is positioned in the gap
and the gaps align given the speed of the vehicle, then it may
not be possible to precisely predict a collision between the car
and the pedestrian. Using conventional techniques to deter-
mine the car speed and gap length, it is possible to assign an
artificial length to the car so that gaps are eliminated. For
example, assuming a car has an actual length of fifteen feet, if
the gap is determined to be twenty feet given the speed of the
vehicle, then by artificially (mathematically) expanding the
length of the car from fifteen feet to thirty-five feet, the gap is
eliminated.

Thus, as illustrated in FIG. 12B, in such a scenario, a
pedestrian 156 in a gap 154 may not trigger a collision warn-
ing in a system which utilizes discrete time computations
(e.g. traditional Kalman filtering methods).

The concepts and techniques described herein above, how-
ever, provide accurate solutions for multiple time-phased pre-
dictions.

The multi-time predictions provided via the concepts and
techniques described herein in conjunction with FIGS. 1-11
can be chained together so as to eliminate the problem of
“track gapping” experienced with discrete time solutions.

Referring now to FIG. 13, a pedestrian 160 moving along a
path 162 (e.g. a sidewalk) reaches an intersection of two
streets 164, 166. Pedestrian 160 has the option of crossing
street 164 (e.g. in a crosswalk 168) or turning left and staying
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on path 162. Significantly, a crosswalk sign 170 indicates to
pedestrian 160 that it is safe to cross street 164 by travelling in
cross-walk 168. Thus, in this scenario POM 172 shown in
FIG. 13A, may apply.

Referring now to FIG. 13A, exemplary non-continuous
POM distribution 172 indicates that the probability of pedes-
trian 160 moving toward crosswalk 168 is only slightly
greater than the probability of pedestrian 160 following side-
walk 162, with only a very small likelihood that the pedestrian
will stray off of these two primary paths.

Referring now to FIG. 13B, in which like elements of F1G.
13 are provided having like reference designations, in this
scenario, crosswalk sign 170 indicates to pedestrian 160 that
it is not safe to cross street 164 by travelling in cross-walk
168. Thus, in this scenario POM 174 shown in F1G. 13C, will
more likely apply.

Referring now to FIG. 13C, exemplary non-continuous
POM distribution 174 indicates that the probability of pedes-
trian 160 moving toward crosswalk 168 is much less than the
probability of pedestrian 160 following sidewalk 162. In this
example, the change in the crosswalk sign 170 is the signifi-
cant factor in this change in probability values in POM 172
and POM 174. The ability of the POM methodology to
readily account for external influences/factors (e.g. the state
of a crosswalk sign) and account for non-continuous prob-
ability distributions (e.g. multiple primary prediction paths
with intervening low probability areas) are advantages over
classical future state prediction methods (e.g. Kalman filters).

Referring now to FIG. 14, in one embodiment, a universal
pedestrian warning system (UPWS) may includes a compu-
tation-less collision detection methodology. In this technique,
a collision determination pattern vector (CDPV) is intro-
duced. The CPVD includes an object classification (OC)
group. Cars and trucks may be grouped together as like
“threats” inthe CDPV, hi one embodiment sixteen (16) object
classification result types (pedestrian, vehicle, etc.) are
grouped into four (4) groupings for collision determination.
Cell “1” bits refers to the CDPV bits associated with IOM cell
.

For each greater-than-zero probability in IOM cells (de-
noted “1”), the value of the CDPV cell (denoted CDPV(i*)) is
set equal to one (1) and all other CPDVi*) cell values are set
equal to zero. The number of sets of bits in the CDPV is equal
to the number of cells in the IOM. FIGS. 14, 14A show that
two (2) bits are used for each OC group, and there are four (4)
OC groups. Thus, in this exemplary embodiment, eight (8)
bits are used for each IOM cell i.

Next, a search or “hash” of CDPV for collisions of interest
is performed. In the top row of FIG. 14, 0x05 (hexadecimal
value 5 bits 00 00 01 01) is a pedestrian vs. vehicle collision
to be checked. The system can easily be configured to detect
other collisions of interest. For example, in the bottom row of
FIG. 14, the 0x08 bit being set (hexadecimal value 8=bits 00
00 10 00) identifies a vehicle vs. vehicle collision to be
checked. While the PWS may be deployed to detect pedes-
trian-vehicle collisions as a primary goal, the flexible, con-
figurable architecture supports reconfiguring the system to
also detect vehicle-vehicle collisions to provide cooperative
intersection collision avoidance system (CICAS) capability.
Thus, the system finds application in the Intelligent Transpor-
tation Safety arena.

It has been recognized that CPDV provides the ability to
detect collisions within intersection occupancy map (IOM)
data without performing any collision-specific calculations.
This unique computation-less collision detection makes use
of the CDPV data structure. As the IOM is populated with
future projected object locations, a bit is set in the CDPV
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based upon each object’s classification type. A plurality of
bits, here two bits, are used for each object classification type.
Potentially, more that two bits can be used, but in applications
in which a goal is to minimize memory to be searched, two
bits is preferred to reflect the necessary information. The
CDPV reflects if zero, one or more objects of any grouping is
predicted in a IOM cell at a future time (with any non-zero
probability). A multiple vehicle-multiple pedestrian scenario
would be represented in the CDPV by 0x0a (hexadecimal
value a=bits 00 00 10 10).

A rapid search (e.g. a “hash”) of the CDPV identifies the
cell(s) containing configured collisions of interest (i.e. spe-
cific bit patterns contained within the cells are found). The
corresponding cell IOM data is then further checked for col-
lision alert thresholds.

Having described preferred embodiments which serve to
illustrate various concepts, structures and techniques which
are the subject of this patent, it will now become apparent to
those of ordinary skill in the art that other embodiments
incorporating these concepts, structures and techniques may
be used. Accordingly, it is submitted that that scope of the
patent should not be limited to the described embodiments but
rather should be limited only by the spirit and scope of the
following claims.

What is claimed is:
1. A method to perform pedestrian collision detection by an
object detection system, the method comprising:

generating, by a processing unit, an object occupancy map
(OOM) having a plurality of cells;

generating, by a processing unit, an intersection occupancy
map (IOM) having a plurality of cells;

generating, by a processing unit, a collision determination
pattern vector (CDPV);

mapping, by a processing unit, probability values of cells in
the OOM over the cells of the IOM;

for each IOM cell having a greater-than-zero probability
value, assigning, by a processing unit, a value of one to
acorresponding CDPV cell and assigning a value of zero
to all other CDPV cells; and

identifying, by a processing unit, bit patterns contained in
CDPYV cells.

2. The method of claim 1 wherein the identified bit patterns

are checked for collision alert thresholds.

3. The method of claim 1 further comprising:

populating the IOM cells with values corresponding to
future projected object locations; and

setting a bit in the CDPV based upon each object’s classi-
fication type.
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4. The method of claim 3 wherein a plurality of bits are
used for each grouping and, if the CDPV reflects zero, one or
more objects of any type is predicted in an IOM cell at a future
time.

5. The method of claim 1 wherein the OOM is provided as
a pedestrian occupancy map (POM).

6. The method of claim 3 wherein identifying bit patterns
contained in CDPV cells comprises performing a hashing
operation of the CDPV to identify specific bit patterns.

7. The method of claim 1 further comprising processing, by
a path predicting circuit, the information from the sensors.

8. The method of claim 1 further comprising plotting, by a
plotting circuit, the information from the sensors onto the
OOM.

9. An object warning system comprising:

a pedestrian warning system;

a computation-less collision detection processor;

an object occupancy map (OOM) having a plurality of

cells;

an intersection occupancy map (IOM) having a plurality of

cells having stored therein probability values of cells
from the OOM; and

a collision determination pattern vector (CDPV) having a

plurality of cells wherein for each IOM cell having a
greater-than-zero probability value, a corresponding
CDPV cell has assigned thereto a first value and wherein
all other CPDV cells have assigned thereto a second
different value; and

wherein the processing unit is configured to detect pedes-

trians by collecting and processing sensor information
received from one or more sensors.

10. The system of claim 9 wherein the identified bit pat-
terns are checked for collision alert thresholds.

11. The system of claim 9 wherein the identification pro-
cessor is configured to:

populate the IOM cells with values corresponding to future

projected object locations; and

set a bit in the CDPV based upon each object’s classifica-

tion type.

12. The system of claim 11 wherein a plurality of bits are
used for each grouping and, if the CDPV reflects zero, one or
more objects of any type is predicted in an IOM cell at a future
time.

13. The system of claim 9 wherein the OOM is a pedestrian
occupancy map (POM).

14. The system of claim 11 wherein the identification pro-
cessor is further configured to perform a hashing operation of
the CDPV to identity specific bit patterns.

#* #* #* #* #*



